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SAMPLE THE INPUT SIGNAL AND 

CONVERT IT TO A DISCRETE 
SIGNAL AND STORE IN A BUFFER. 
INPUT SIGNAL CAN BE AN 
UTTERANCE OF A WORD OR A 
SEQUENCE OF WORDS. 



INPUT READING 
- READ ONE FRAME (=256) OF 
DATA FROM THE BUFFER/FILE 



SPECTRALLY FLATTEN THE SIGNAL (IT 
SMOOTHENS THE SIGNAL) 
- THIS IS DONE USING A FIRST ORDER 
FILTER 
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INTRODUCE OVERLAP 
FOR THE NEXT READ 




FRAME WINDOWING 
- MULTIPLY THE SIGNAL FRAME BY A 
WINDOW (HAMMING, HANNING), SO THAT 
THE SIGNAL INFORMATION IS 
CONCENTRATED TOWARDS THE CENTER 



COMPUTE MOVING WEIGHTED AVERAGE 
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FEATURE EXTRACTION USING 
MATHEMATICAL MODEL 
- FOR SPEECH, LPC MODELS THE VOCAL 
TRACT OF SIGNAL SOURCE. 
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CLUSTERING: 

- GROUP SIMILAR FEATURES 

- OBTAIN OBSERVATION SEQUENCE 
(INDICES OF THE CLUSTERS) 
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LEARNING 
RECOGNITION 



COMPUTE THE TRANSITION BETWEEN 
THE OBSERVABLES 
- PROBABILITY OF OBSERVING 
POSSIBLE SUBSEQUENCES AMONG 
THE OBSERVABLES 



COMPUTE ESTIMATE OF THE 
OBSERVABLE 

- DEVELOPING OBSERVABLE 
OPERATOR MODEL FOR THE ABOVE 
OBSERVABLE SEQUENCE 

- STRUCTURE THE ABOVE 
PROBABILITIES TO ARRIVE 

AT A WELL-DEFINED LINEAR OPERATOR 
(I.E., OBSERVABLE OPERATOR MODELS) 
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STANDARDIZING THE MODEL 
- TO MINIMIZE THE VARIATION 
BETWEEN SIMILAR SIGNALS 
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SYSTEM REPOSITORY 
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DETERMINE THE 
DISTRIBUTION OF 
THE OBSERVABLES 
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COMPUTE THE 
PROBABILITY 
CORRESPONDING 
TO EACH MODEL 
FROM THE SYSTEM 
REPOSITORY 
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